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The difference in sleep, sedentary
behaviour, and physical activity between
older adults with ‘healthy’ and ‘unhealthy’
cardiometabolic profiles: a cross-sectional
compositional data analysis approach
Declan John Ryan1,2* , Jorgen Antonin Wullems1,3, Georgina Kate Stebbings1, Christopher Ian Morse1,
Claire Elizabeth Stewart4 and Gladys Leopoldine Onambele-Pearson1
Abstract
Background: Studies have seldom used Compositional Data Analysis (CoDA) to map the effects of sleep, sedentary
behaviour, and physical activity on older adults’ cardio-metabolic profiles. This study therefore aimed to illustrate
how sleep, sedentary behaviour, and physical activity profiles differ between older adult groups (60–89 years), with
‘low’ compared to those with ‘high’ concentrations of endocrine cardio-metabolic disease risk markers, using CoDA.
Method: Ninety-three participants (55% female) wore a thigh-mounted triaxial accelerometer for seven consecutive
free-living days. Accelerometer estimates of daily average hours of engagement in sedentary behaviour (SB),
standing, light-intensity physical activity (LIPA), sporadic moderate-vigorous physical activity (sMVPA, accumulated
with bouts between 1 and 10 min), 10-min moderate-vigorous physical activity (10MVPA, accumulated with bouts
≥10 min), in addition to self-reported sleeping hours were reported. Fasted whole blood concentrations of total
cholesterol, triglyceride, glucose, and glycated haemoglobin, and serum lipoprotein lipase (LPL), interleukin-6 (IL-6),
and procollagen III N-terminal propeptide were determined.
Results: Triglyceride concentration appeared to be highly dependent on 10MVPA engagement as the ‘low’ and
‘high’ concentration groups engaged in 48% more and 32% less 10MVPA, respectively, relative to the geometric
mean of the entire study sample. Time-use composition of the ‘low’ LPL group’s engagement in 10MVPA was 26%
less, while the ‘high’ LPL group was 7.9% more, than the entire study sample. Time-use composition of the ‘high’
glucose and glycated haemoglobin groups appeared to be similar as both engaged in more Sleep and SB, and less
10MVPA compared to the study sample. Participants with a ‘low’ IL-6 concentration engaged in 4.8% more Sleep
and 2.7% less 10MVPA than the entire study sample. Time-use composition of the Total Cholesterol groups was
mixed with the ‘low’ concentration group engaging in more Standing and 10MVPA but less Sleep, SB, LIPA, and
sMVPA than the entire study sample.
Conclusion: Older adults should aim to increase 10MVPA engagement to improve lipid profile and decrease SB
engagement to improve glucose profile.
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Background
Between 2011 and 2014, medication prescription for the
prevention and treatment of circulatory diseases within
the adult population increased 2.2 fold in England [1],
with 62–95% of adults above the age of 55 years taking
at least one prescribed drug per week for the treatment
or prevention of any condition [2]. These prescriptions
included medications such as lipid lowering, anticoagu-
lant and anti-fibrinolytic drugs; critically, many of these
drugs target metabolites that may be regulated by phys-
ical activity (PA) interventions [3–5]. For example, in
older adult cohorts (65–94 years), 3 х 60 min aerobic
sessions per week, for 8 months, at 60–80% of heart rate
reserve was sufficient to reduce total cholesterol and
triglyceride concentration [6]. Additionally, emerging-
evidence also suggests that changes in sedentary behav-
iour (SB) could affect metabolites, through physiological
mechanisms that are different from those for PA (specif-
ically of moderate to vigorous intensity [MVPA]) [7]. In
rodent modelling of SB, 6 h of hind limb unloading in
rats decreased oxidative skeletal muscle lipoprotein-lipase
(LPL) activity by 50% relative to ambulatory controls,
whereas, treadmill running (56m∙min− 1, 3.5 h·day− 1) did
not increase oxidative muscle LPL activity above that of
ambulatory controls but did in glycolytic muscle [7]. It is
suggested that SB targets post-transcriptional modification
of LPL, as LPL mRNA expression remained unchanged
during hind limb unloading [7]. Even though SB and PA
may act through independent mechanisms in the modula-
tion of cardio-metabolic disease, ultimately, it is the end-
point of the relevant metabolite that is of most interest to
the end-user. Therefore, it is argued that future studies
should consider SB and PA together, not in isolation, to
determine their cumulative effects on health status to re-
flect ‘real-world’ lifestyles.
Previous approaches to Sleep, SB, LIPA, and MVPA ana-
lysis have treated these behaviours as independent risk
factors for health status [8–10]. Such isolation of the behav-
iours in statistical analysis is inappropriate, due to the co-
dependent nature of time-use variables, and can lead to the
under/overestimation of the effects of Sleep, SB, LIPA, and
MVPA on health status [11]. These issues can be overcome
by using Compositional Data Analysis (CoDA) and present-
ing, for example, the geometric mean engagement in a be-
haviour (time-use component) as a standardised score,
relative to the geometric mean of all engaged time-use
components. This allows the standardised score of the
engagement in a particular time-use composition by a sub-
group to be presented as a log ratio, relative to the standar-
dised score of the engagement in the same time-use
composition intensity by the entire study sample (log ra-
tio = ln[centred geometric mean of sub-group ÷ centred
geometric mean of study sample]) [12–14]. CoDA is nor-
mally used to compare the time-use composition of two or
more groups, relative to the entire study sample and al-
though a relatively new form of analysis in sleep, sedentary
behaviour, and physical activity research, CoDA has pro-
vided interesting descriptive data. CoDA of the participants
from the NHANES 2005–06 cycle suggested those with a
relatively low high-density lipid (HDL-C) concentration en-
gaged in 9% less MVPA relative to the overall geometric
mean composition. Whereas, those with a healthy HDL-C
concentration engaged in 4% more MVPA relative to the
overall geometric mean composition [12].
The use of CoDA continues to grow within health
research however, the majority of CoDA studies to
date have focussed on adolescent to middle-age cohorts
[12, 13, 15–17]. Studies that have applied CoDA to older
adult cohorts have primarily focussed on adiposity, cardio-
respiratory fitness, cholesterol and glucose [18, 19]. There-
fore, the aim of this study was to illustrate which time-use
composition influences cardio-metabolic parameters in
older adults (60–89 years) as cardiovascular-metabolic
complications are one of the leading causes of death in
this age group [1]. The objective of this study was to
determine the difference in the time-use composition be-
tween older adults with ‘low’ and ‘high’ endocrine cardio-
metabolic disease-risk (ECMDR) profiles using CoDA. It
was hypothesised that time-use composition in the ‘high’
ECMDR profile sub-groups would illustrate a greater en-
gagement in SB and a lower engagement in PA relative to
the entire study sample geometric mean, which has been
shown in previous studies [12, 13].
The current study fits within Research Area 3 of the
VIRTUE Framework [11] as it addresses the need to “de-
termine the prevalence of the optimal time-use balance
among populations and specific population subgroups
[and] identify the most common unhealthy time-use pat-
terns in different populations” [11]. This has been pos-
sible as our research group previously developed and
utilised an accelerometer analysis package, which re-
ported variable suitable for time-use analysis [11], thus
fitting also within Research Area 1 of the VIRTUE
Framework.
Methods
First laboratory visit
The details of the first laboratory visit follows our previ-
ously published work [20, 21]. Briefly, older adults (60+
years) who did not suffer from an untreated cardiovascular
disease, had not sustained a mobility limiting injury within
the last 3months, did not require a walking aid (e.g. Zim-
mer frame), were non-diabetic, and had/were not suffering
from dementia or similar disease were recruited for the
cross-sectional epidemiology study, primarily from local
community groups in Cheshire, United Kingdom, between
January 2015 and June 2016. Study involvement was ap-
proved by the written informed consent of the participant
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and ethical approval was granted by the University Ethics
Subcommittee. Participants provided hard copies of their
most recent prescriptions to record which medications may
be influencing their cardiovascular-metabolic disease risk,
either directly or indirectly. These medications were cate-
gorised into blood pressure (BP) medication [mg∙day− 1],
lipid-lowering medication [mg∙day− 1], directly targeting
cardiovascular disease (CVD) medication [n∙day− 1], (in)dir-
ectly targeting CVD medication [n∙day− 1], and inflamma-
tory + (in)directly targeting CVD medication [mg∙day− 1].
Participants were fitted with a commercially available
tri-axial GeneActiv Original accelerometer (Activinsights
Ltd., Kimbolton, UK) on the thigh of their dominant leg
(anterior aspect at 50% of greater trochanter to femoral
condyle distance) using two waterproof adhesive patches
(Tegaderm Film, 3M, North Ryde, Australia). The accel-
erometer was worn for seven consecutive free-living
days, during this time; participants self-reported their
sleeping hours by recording the time they turned the
lights off to go to sleep at night and what time they
woke up to start their day within a sleep diary. The sleep
diary was used to estimate the daily average sleeping
hours of the participant, whilst the accelerometer esti-
mated the daily average engagement hours for the other
time-use components (see below for details).
The accelerometer data was recorded at a 60Hz fre-
quency and smoothed using 10-s epochs. In-house devel-
oped software, The Cheshire Algorithm for Sedentarism
(CAS), was used to calculate the time spent engaging in
each sleep, sedentary behaviour, and physical activity inten-
sity using Residual G (= √([standard deviation x axis]2 + [
standard deviation y axis]2 + [standard deviation z axis]2))
cut-off points, which were developed from a sub-group
(n = 20) of older adults from the current body of work
[20–22]. Behaviours were classified as SB or Standing by
CAS if the participant was in the seated/reclined position
or upright, respectively [23], and produced a Residual G
value, for at least 1 min, below the SB-LIPA cut-off point
(0.057 Residual G = 1.5 metabolic equivalent tasks). The
Cheshire Algorithm for Sedentarism classified a behaviour
as LIPA if the participant was upright and produced a Re-
sidual G value, for at least 1 min, that was above the SB-
LIPA cut-off point but below the LIPA-MVPA cut-off
point (0.216 Residual G = 3 metabolic equivalent tasks).
Any movements by the participant, whilst in the upright
position, that produced a Residual G value that was equal
to or above the LIPA-MVPA cut-off point, for at least 1
min, was classified as MVPA by CAS. Moderate-to-
vigorous physical activity was then further classified by
CAS into sporadic MVPA (sMVPA, MVPA time accumu-
lated using bouts that were between 1 and 10 continuous
minutes), and 10-min MVPA (10MVPA, MVPA time accu-
mulated using bouts of 10 continuous minutes or more).
This splitting of MVPA was done to align with the 10-min
criterion in the 2011 UK physical activity guidelines for
MVPA [24]. Inclusion in statistical analyses required at
least six 24-h days of data from the accelerometer, as a re-
sult three participants were removed from statistical ana-
lyses owing to insufficient amount of data.
Second laboratory visit
Whole blood cardio-metabolic analysis
Participants arrived to the laboratory in an overnight (>
10 h) fasted, hydrated state. Where appropriate, partici-
pants were asked to refrain from taking medication until
testing had been completed. All participants refrained
from taking medication prior to the completion of the
laboratory tests and all provided a 10mL venous blood
sample. Whole blood analyses of fasting plasma glucose,
total cholesterol, and triglycerides were performed im-
mediately using an Accturend Plus (Roche Diagnostics
Limited, Welwyn Garden City, UK) monitoring device
and Accutrend test strips (Roche Diagnostics Limited,
Welwyn Garden City, UK) [25]. Whole blood analysis of
glycated haemoglobin (HbA1c) was performed on a sub-
group of participants (n = 33) using boronate fluorescence
quenching (HbA1c 501 device and test cartridges, Hemo-
Cue, Ängelholm, Sweden). HemoCue 501 has shown good
reliability (Coefficient of Variation [CV] < 5.0%) and valid-
ity (Bland-Altman: 4.4 [95%CI -7.3, 16.2] mmol∙mol− 1)
compared to high performance liquid chromatography ion
exchange [26].
Remaining blood samples were stored on crushed ice
for less than 2 h before centrifugation at 1687 G for 5 min
(Z380, Hermle, Gosheim, Germany). Serum was harvested
and stored at − 20 °C in 1.00mL aliquots (Eppendorf Ltd.,
Hamburg, Germany) until further analyses.
Serum cardio-metabolic analyses
Commercially available enzyme-linked immunosorbent
assay kits were used to determine the concentration of
serum lipoprotein lipase (LPL) (Cell Biolabs Inc., California,
USA), procollagen III N-terminal propeptide (PIIINP) (Bio-
matik, Delaware, USA), and interleukin-6 (IL-6) (high-sensi-
tivity, Bio-Techne, Minnesota, USA) using a two-fold
sample dilution. Manufacturer reported LPL intra-assay CV
was 4% whereas it reached 13% in house. For PIIINP, manu-
facturer sample intra-assay CV was < 10%, which coincided
with in house data (6.5–9.6%). IL-6 manufacture intra-assay
CV was 7.8% whereas in house it ranged from 7.4–9.2%.
ELISA data were derived using a 96-well spectrophotometer
(EL808, BioTek, Vermont, USA) connected to a computer
running Gen5 v 1.11 software (BioTek, Vermont, USA).
Statistical analyses
Demographics
SPSS version 22 (IBM, New York, USA) was used for
statistical analysis. 1 × 5 independent analysis of variance
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(ANOVA) and bonferroni correction (Kruskall-Wallis
and Mann-Whitney U for non-parametric data) was
used to see whether participant demographics differed
between lustrums of age and determine whether CoDA
needed to be performed for age sub-groups or pooled
study sample. Data are presented as mean (standard de-
viation [SD]) or median (interquartile range [IR]) if rules
of parametricity are violated. Statistical significance was
set at p < 0.05.
Compositional data analysis
Participants were grouped into ‘low’ or ‘high’ concentra-
tion groups for each cardio-metabolic parameter based
on whether they were less than or equal to, or above the
recognised threshold concentration for the respective
cardio-metabolic marker (Table 1). Where threshold
concentrations from previous research could not be ap-
plied, the median (PIIINP) and mean (HbA1c) concen-
tration of the study sample were used as the threshold.
The HbA1c threshold of 6.5% [27] could not be applied
to the study sample as the participants did not display
diabetic symptoms and therefore every participants’
HbA1c percentages fell below 6.5%. Similarly, the 4780
pg·mL− 1 threshold [30] could not be applied as every
PIIINP concentration within the current study was
below this threshold.
Using Excel 2013 (Microsoft, Washington, USA), the
geometric mean (hrs∙day−1) was calculated for each
time-use composition for the entire study sample. The
grand geometric mean was further calculated for the en-
tire time-use composition data (Sleep + SB + Standing +
LIPA + sMVPA +10MVPA) of the entire study sample.
The study sample data were centred (ceno) by dividing
the geometric mean for each time-use composition by
the grand geometric mean of the study sample and then
dividing by the available time in a day (24 h). These steps
were then performed on the cardio-metabolic parameter
sub-groups (ceni) (‘low’ and ‘high’). The centred data for
each time-use composition, for each sub-group, was di-
vided by the centred data for the respective time-use
composition of the entire study sample as a log ratio
(ln[ceni ÷ ceno]). The log ratio represents the sub-
group’s engagement in a time-use composition relative
to the entire study sample’s standardised engagement in
the same time-use composition [12, 13].
Handling covariates
Analysis of covariance (ANCOVA) was performed using
SPSS version 22 (IBM, New York, USA) to determine
whether covariates, previously shown to be associated
with cardio-metabolic parameters [31–34] (BP medica-
tion [mg∙day− 1], lipid-lowering medication [mg∙day− 1],
directly targeting CVD medication [n∙day− 1], (in)directly
targeting CVD medication [n∙day− 1], and inflammatory
+ (in)directly targeting CVD medication [mg∙day− 1]),
influenced the concentration of the cardio-metabolic
parameters within the current study (Table 2). LPL was
found to be influenced by inflammatory + (in)directly
CVD targeting medication (p < 0.05). LPL data were ad-
justed for the aforementioned covariate and the partici-
pants were regrouped before CoDA was performed. No
other cardio-metabolic parameters were influenced by
the aforementioned covariates.
Handling ‘essential’ Zeros
Within CoDA, there are rounded zeros, which repre-
sent data that could not be measured due to the sen-
sitivity of the equipment used, and there are essential
zeros, which represent real values for a parameter. In
the current study, essential zeros were common in
time-use composition data, as many participants did
not engage in 10MVPA. It is not possible to log trans-
form zeros or calculate geometric means, therefore
they need to be accounted for so they still carry
weight in the analyses. One method is to remove all
the participants who have essential zero data, which
has been performed in previous studies [12, 13].
However, given the sample size of the current study
(n = 93), removal of participants would severely reduce
the power of the study and thus, is not deemed an
appropriate approach. Therefore, 0.1 was added to
every data point, then 0.1 was subtracted from the
geometric mean calculations [35] so the essential
zeros still carried weight in the analysis.
Sleep, sedentary behaviour, and physical activity co-
dependence
To determine the co-dependence between time-use com-
ponents, a variation matrix was used. A variation matrix
displays the variance in the study samples’ log-ratios for
each time-use composition comparison (Additional file 1:
Table S1). A variance close to zero would imply the
Table 1 Cardio-metabolic threshold values used to determine
participant groupings into ‘low’ and ‘high’ endocrine
concentration
Cardio-metabolic Parameter Threshold
Glucose 6.0 mmol∙l− 1 [27]
Total Cholesterol 5.0 mmol∙l− 1 [27]
Triglyceride 1.7 mmol∙l− 1 [27]
HbA1c 5.29%a
LPL 63.5 pg∙mL− 1 [28]
IL-6 2.29 pg∙mL−1 [29]
PIIINP 229.215 pg∙mL-1a
aMean % HbA1c used as the threshold. Median PIIINP concentration used as
the threshold
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amounts of time spent in the corresponding behaviours are
highly proportional and therefore, suggest a change in en-
gagement of one of those time-use compositions would
likely result in a change in engagement in the correspond-
ing time-use composition.
Results
The demographics of the 93 older adults who partici-
pated in the study (73.6 [7.17] years, 55% female) are
displayed in Table 3. Notably, there was no difference
between lustrum age groups for any of the cardio-
metabolic, time-use composition, or covariate parame-
ters. This therefore allowed follow up CoDA with pooled
data. For results on the variation matrix of time-use
components please see Additional file 1: Table S1.
Whole blood cardio-metabolic parameters
The time-use composition for ‘low’ and ‘high’ whole blood
cardio-metabolic parameter sub-groups is displayed in
Fig. 1a-d. Triglyceride concentration appears to be highly
dependent on 10MVPA engagement as the ‘low’ triglycer-
ide concentration group engaged in 48% more 10MVPA
relative to the geometric mean of the entire study sample
(Fig. 1a). It also suggests that reducing 10MVPA engage-
ment may result in a change to a ‘high’ triglyceride profile
more readily than the opposite. Indeed those with a ‘high’
triglyceride concentration only engaged in 32% less
10MVPA than the geometric mean of the entire study
sample, whereas those with a ‘low’ triglyceride concentra-
tion required a 48% greater engagement in 10MVPA com-
pared to the entire study sample (Fig. 1a). It appears that
differences in total cholesterol profile may be influenced
by most time-use components as those with a ‘low’ total
cholesterol profile engaged in less sleep (3.0%), SB (2.9%),
LIPA (7.1%), sMVPA (6.0%), and more standing (7.9%)
and 10MVPA (4.4%) than the entire study sample. The
opposite time-use composition was true for the ‘high’
total cholesterol concentration group (Fig. 1b). The
composition of the ‘high’ glucose and HbA1c groups
appeared to be similar as both engaged in more sleep
and SB, and less PA (excluding sMVPA) compared to
the entire study sample (Fig. 1c-d).
Serum cardio-metabolic parameters
Before correcting for covariate effects, LPL was heavily
influenced by 10MVPA, with a large difference in en-
gagement compared to the entire study sample (‘low’
LPL: 27% less 10MVPA, ‘high’ LPL: 11% more 10MVPA)
(Fig. 2a). Whereas the difference from the entire study
sample for the other time-use components did not
exceed 2.2% (Fig. 2a). Following normalisation for in-
flammatory + (in)directly targeting CVD medication, the
‘low’ LPL group’s engagement in 10MVPA was 26% less
while the ‘high’ LPL group was 7.9% more than the en-
tire study sample (Fig. 2b). Sleep appeared to be a main
determinant of IL-6 concentration as those in the ‘low’
and ‘high’ IL-6 group engaged in 4.8% more and 3.1%
less sleep compared to the entire study sample, respect-
ively. Whereas the other time-use components had a
lower difference in engagement compared to the entire
study sample (Fig. 2c). The results suggest that bouts of
MVPA above 10 mins are sufficient to stimulate an in-
flammatory response as the ‘high’ IL-6 group engaged in
2.7% more 10MVPA and 2.2% less sMVPA compared to
the entire study sample (Fig. 2c). PIIINP followed a simi-
lar composition to IL-6, with sleep displaying the great-
est difference from the entire study sample in both ‘low’
(6.2%) and ‘high’ (5.9%) groups compared to the other
time-use components.
Discussion
The findings of this study confirmed our hypothesis as
time-use composition in the ‘high’ ECMDR sub-group
illustrated a greater engagement in SB and a lower engage-
ment in PA relative to the entire study sample geometric
mean. Whereas the ‘low’ ECMDR sub-group engage in
more PA and less SB relative to the entire study sample
geometric mean which, in agreement with previous stud-
ies [12, 13]. However, the hypothesis was not confirmed
for IL-6 and PIIINP (when a median grouping threshold
was used), as participants within the ‘high’ sub-groups in
fact engaged in less SB and more PA.
Lipoprotein – LPL Axis
Lipoprotein lipase was one of the first identified cardio-
metabolic markers to illustrate “independent” effects of
Table 2 Influence of medication on cardio-metabolic parameters
Medication Cardio-metabolic Parameter
Glucose Triglyceride Total Cholesterol HbA1c LPL IL-6 PIIINP
BP 0.71 0.93 0.57 0.53 0.14 0.95 0.70
Lipid-lowering 0.36 0.47 0.84 0.63 0.46 0.81 0.53
Directly targeting CVD 0.94 0.06 0.69 0.27 0.89 0.24 0.59
(in)directly targeting CVD 0.64 0.32 0.90 0.68 0.31 0.76 0.35
Inflammatory + (in)directly targeting CVD 0.47 0.92 0.09 0.19 0.00* 0.71 0.88
Data presented as p value. * Bold - Covariate has a significant effect on a cardio-metabolic endocrine parameter concentration (p<0.05)
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SB and MVPA [7]. It was suggested that prolonged SB
targets oxidative skeletal muscle LPL activity whereas;
MVPA appears to primarily target glycolytic muscle LPL
activity [7]. LPL is responsible for the hydrolysis of tri-
glyceride into glycerol and fatty acid. Pre-heparin serum
LPL (measured in the current study) primarily repre-
sents inactive LPL as a dimer bound to isolated remnant
lipoproteins [36], which, in the presence of active LPL,
augments triglyceride hydrolysis and the uptake of very
low-density lipoproteins and cholesterol esters [37].
Therefore, reduced serum LPL concentration, similar to
muscle LPL activity, may lead to increased circulating
triglyceride concentration [38]. The comparison of time-
use composition between triglyceride and LPL groups
supports the LPL-triglyceride-PA complex as those in
the ‘high’ LPL concentration and ‘low’ triglyceride con-
centration groups both displayed a greater engagement
in 10MVPA (7.8 and 48.4%, respectively) compared to
the entire study sample. In addition, 10MVPA had the
greatest difference from the entire study sample, com-
pared to the other time-use components, for both LPL
and triglyceride, suggesting that these cardio-metabolic
markers are influenced more by 10MVPA rather than
any other time-use composition. This finding supports
that of a previous SB break study, which found 30 mins
of MVPA (which would be classified as 10MVPA in the
current study) maintained plasma triglyceride concentra-
tion (relative to baseline) following ingestion of a high
fat meal (35%) [39]. In addition, Engeroff, Füzéki [39] re-
ported that short bouts of MVPA (representing sMVPA
Table 3 Participant demographics displayed per lustrum of age. Data presented as Mean(SD), Median(IR), or geometric mean
Variable Age Group (years)
Pooled 60–65 66–71 72–77 78–83 84+
n 93 10 19 31 24 9
Female (%) 55 90 47 54 54 33
Covariates
Directly CVD Meds (n∙day− 1)a 1.17 (1.52) 0.30 (0.48) 0.74 (1.37) 1.39 (1.61) 1.39 (1.53) 1.78 (1.92)
(In)directly CVD Meds (n∙day−1)b 1.62 (1.81) 0.70 (0.67) 1.05 (1.51) 1.81 (1.97) 2.04 (1.92) 2.11 (1.96)
Inn+ (In)directly CVD Meds
(mg∙day−1)c
157.86 (486.49) 293.40 (797.89) 54.71 (73.39) 93.19 (293.99) 136.67 (323.71) 494.88 (1085.38)
BP Meds (mg∙day−1) 9.81 (50.79) 3.50 (6.73) 5.47 (13.29) 2.35 (4.89) 8.05 (16.71) 53.00 (154.35)
Lipid-Lowering Meds (mg∙day−1) 8.12 (16.58) 11.00 (16.63) 9.41 (15.60) 3.57 (10.96) 13.33 (23.09) 4.44 (13.33)
Cardio-metabolic Parameters
Triglyceride (mmol∙l−1) 1.77 (0.81)m 2.09 (0.86)m 1.51 (0.84)m 1.73 (0.68)m 1.88 (0.56)m 1.89 (0.57)m
Total Cholesterol (mmol∙l−1) 5.44 (1.39)m 6.06 (0.95) 5.64 (1.08) 5.45 (1.07) 5.64 (0.89) 5.27 (0.66)
Glucose (mmol∙l−1) 5.72 (1.10)m 5.81 (0.81)m 5.85 (1.35)m 5.60 (1.33)m 5.65 (1.38)m 6.00 (1.11)m
HbA1c (%) 5.29 (0.31) 5.18 (0.22) 5.30 (0.22) 5.34 (0.36) 5.24 (0.33) 5.38 (0.32)
LPL (pg∙mL−1) 113.02 (147.80)m 174.35 (277.28)m 119.13 (127.16)m 83.41 (123.97)m 117.88 (147.07)m 247.58 (332.56)m
IL-6 (pg∙mL−1) 2.72 (2.77)m 3.11 (1.85)m 2.39 (2.85)m 2.55 (3.29)m 2.36 (2.98)m 4.14 (6.00)m
PIIINP (pg∙mL−1) 229.21 (247.97)m 205.05 (239.21)m 229.21 (208.30)m 316.92 (228.81)m 167.19 (248.76)m 256.99 (406.27)m
sleep, sedentary behaviour, and physical activity parameters
Sleep (hrs∙day−1) 8.43 (0.77) 8.40g 7.88 (0.83) 7.84g 8.49 (0.53) 8.48g 8.41 (0.73) 8.35g 8.62 (0.79) 8.58g 8.50 (1.04) 8.45g
SB (hrs∙day−1) 9.65 (1.33) 9.56g 9.81 (1.31) 9.73g 9.34 (1.38) 9.25g 9.61 (1.36) 9.53g 9.59 (1.29) 9.51g 10.49 (1.15)
10.44g
Standing (hrs∙day−1) 1.09 (0.41) 1.02g 1.19 (0.30) 1.14g 1.16 (0.43) 1.08g 1.11 (0.39) 1.03g 1.08 (0.43) 1.00g 0.89 (0.43) 0.81g
LIPA (hrs∙day−1) 1.97 (0.63) 1.86g 2.11 (0.49)
2.05g
1.86 (0.59) 1.78g 2.06 (0.63) 1.95g 1.99 (0.68) 1.88g 1.73 (0.77) 1.57g
sMVPA (hrs∙day−1) 2.57 (0.64) 2.49g 2.68 (0.58) 2.62g 2.86 (0.56) 2.80g 2.55 (0.59) 2.49g 2.53 (0.69) 2.42g 2.07 (0.67) 1.96g
10MVPA (hrs∙day
−1) 0.08 (0.20)m
0.06g
0.06 (0.16)m
0.07g
0.15 (0.29)m
0.13g
0.08 (0.21)m
0.05g
0.09 (0.22)m
0.07g
0.07 (0.13)m
0.03g
10MVPA
d (hrs∙day−1) 0.48 (0.36) 0.40g 0.53 (0.30) 0.43g 0.47 (0.22) 0.43g 0.54 (0.51) 0.43g 0.39 (0.17) 0.35g 0.28 (0.09) 0.27g
a Participants are currently prescribed an amount of medication that reduces the risk or treats CVD (i.e. statins, warfarin). b Participants are currently prescribed a
medication that may affect the cardiovascular system either directly or as a side effect. c Participants are currently prescribed a medication that may affect the
cardiovascular system either directly or as a side effect, including inflammatory medication. d Excluding 49 participants who accumulated < 10min of 10MVPA in a
week (variable not used in CoDA). m Median (IR). g Geometric mean
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in the current study) were not sufficient to prevent an
increase in triglyceride concentration following meal in-
gestion. This was also notable in the present study, as
engagement in sMVPA in the ‘low’ and ‘high’ triglyceride
groups only deviated 2.3 and 1.9% from the entire study
sample, respectively, suggesting that sMVPA has little
influence on circulating triglyceride levels.
The pattern of time-use composition for total choles-
terol is not as clear within the current study. This is
likely due to total cholesterol containing lipoproteins
that have opposite responses to inactivity. Both triglycer-
ide and low-density lipids (LDL-C) increase in concen-
tration, whereas high-density lipids (HDL-C) decrease in
concentration, during detraining [38]. Therefore, it is
difficult to ascertain whether/which behaviour(s) are
affecting LDL-C and HDL-C profile. Future research,
should conduct CoDA with total cholesterol segregated
into HDL-C and LDL-C to provide a more precise
understand of the effects of sleep, sedentary behaviour,
and physical activity.
Overall, our results suggests that engagement in
10MVPA influences triglyceride concentration by pos-
sibly targeting LPL pathways. This finding advocates the
need for older adults to be ‘physically active’ in terms of
attaining sufficient 10MVPA, as defined in the 2011 UK
government PA guidelines, especially as LPL is already
reduced in older adults, compared to young adults [40].
Glucose metabolism
The prevalence of physical inactivity and SB, even in
acute episodes, has a marked influence on insulin in-
sensitivity and subsequently on reduced glucose uptake
[41–43], predominantly in skeletal muscle tissue [44].
Our results support this concept as those with a ‘high’
glucose concentration engaged in more sleep and SB,
and less PA (excluding sMVPA), compared to the entire
study sample. This increased circulating glucose concen-
tration is thought to be due to the reduced translocation
of glucose transporter type 4 (GLUT4) to the skeletal
muscle cell membrane [45] and reduced expression of
carbohydrate metabolism genes during bouts of reduced
muscle contractile activity (Sleep and SB) such as, cyto-
plasmic dynein light chain 1 (DYNLL1) [46] which, plays
a role in GLUT4 translocation [47]. Our results may also
suggest that habitual higher SB and lower PA engage-
ment can have a chronic effect on glucose homeostasis,
as participants with a ‘high’ HbA1c percentage also engaged
in more sleep and SB, and less 10MVPA, compared to the
Fig. 1 Compositional geometric mean bar plots displaying the difference in time-use composition between ‘low’ and ‘high’ cardio-metabolic
parameter sub-groups. a triglyceride (n ‘low’: 39, ‘high’: 50) b total cholesterol (n ‘low’: 30, ‘high’: 59), c glucose (n ‘low’: 57, ‘high’: 32), and d
HbA1c (n ‘low’: 13, ‘high’: 20). A positive Log Ratio indicates that a group engaged in more of a behaviour, in comparison with the entire study
sample. A negative Log Ratio indicates that a group engaged in less of a behaviour, in comparison with the entire study sample
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entire study sample (with other PA apparently having little
effect on HbA1c), when a mean HbA1c percentage group-
ing threshold was used. HbA1c represents a 1–3month
average of blood glucose concentration [48] and can be
used in the diagnosis of diabetes mellitus if blood tests ex-
ceed 6.5%. The results of the current study are consistent
with previous findings in older English adult populations (≥
60 years), which found HbA1c percentage increased as ob-
jective SB time increased from 8.45–9.52 h∙day− 1 to > 9.52
h∙day− 1 (5.8 [0.8], 6.0 [0.8]%, p = 0.01, respectively) and
reduced (0.13% [95%CI -0.24, − 0.03]) per 0.5 h∙day− 1 in-
crease in MVPA engagement [49]. Interestingly, in line with
our results, Stamatakis, Davis [49] also reported that LIPA
was not associated with HbA1c. Our results therefore sup-
port that PA has to be of at least moderate intensity in
order to maintain increased insulin sensitivity and subse-
quently glucose uptake, post-exercise [50].
Overall, the current study suggests that reduced SB
and increased PA could lead to acutely reduced blood
glucose concentration in older adults. However, to main-
tain a ‘healthier’ chronic glucose homeostasis, PA may
have to be of a moderate-vigorous intensity. Therefore,
we urge older adults to minimise SB engagement and
attain a ‘physically active’ lifestyle to increase the likeli-
hood of a ‘healthy’ glucose profile.
Inflammation and vascular stiffness
In older adults, IL-6 serum concentration is greater
compared to young adults [51] and is associated with an
increased risk of CVD [52]. The current study suggested
that a greater engagement in sleep and SB could be
beneficial towards the reduction in inflammation as
those with a ‘low’ IL-6 concentration engaged in 4.8 and
3.8% more sleep and SB, respectively, compared to the
entire study sample. This is in agreement with previous
older adult findings, which suggested that IL-6 concen-
tration reduced by 2.0 pg∙mL− 1 with a > 1.5 h reduction
in total awake time [53]. However, it was previously
illustrated that an hour increase in SB could increase IL-
6 by 0.24 (95%CI 0.13, 0.35) pg∙mL− 1 in older adults
[54]. The discrepancies between Henson, Yates [54] and
the current study may lie in the type of analysis. Henson,
Yates [54] used a multiple linear regression model,
which does not account for the influence of other behav-
iour(s) on IL-6 in the same way that CoDA does, and
may under-estimate the magnitude and direction of
Fig. 2 Compositional geometric mean bar plots displaying the difference in time-use composition between ‘low’ and ‘high’ cardio-metabolic
parameter sub-groups. a LPL (n ‘low’: 26, ‘high’: 57), b LPL normalised for inflammatory + CVD (in)directly targeting medication (n ‘low’: 21, ‘high’:
55), c IL-6 (n ‘low’: 33, ‘high’: 52), and d PIIINP (n ‘low’: 36, ‘high’: 37). A positive Log Ratio indicates that a group engaged in more of a behaviour,
in comparison with the entire study sample. A negative Log Ratio indicates that a group engaged in less of a behaviour, in comparison with the
entire study sample
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associations, when all other time-use compositions are
not accounted for [15]. It is thought that increases in
serum IL-6 is a result of increased IL-6 concentration
within the muscle, which occurs during repeated muscu-
lar contraction [55]. Therefore, it is possible to postulate
that an elevated amount of sleep engagement may be ne-
cessary for older adults to manage the inflammatory re-
sponse, as reduced engagement in sleep is associated
with an increase in IL-6 concentration and subsequently
increased pain ratings within healthy middle-aged adults
[56]. This relationship between pain and IL-6 may also
explain why the ‘low’ IL-6 group engage in more SB as
qualitative evidence stated that older adults’ main deter-
minant for engaging in SB is to reduce sensations of pain
[57]. However, given that those within ‘high’ ECMDR
groups (total cholesterol, triglyceride, glucose, and
HbA1c) appear to engage in more SB, compared to the
entire study sample, within the current study; it would
be advised that older adults engage in more sleep than
SB to improve IL-6 profile.
Increased PIIINP concentration is a marker of vascular
stiffness in older adults [30]. Within sleep, sedentary
behaviour, and physical activity research, there is an ap-
parent lack of investigations into changes in PIIINP (ex-
cluding resistance training). To the author’s knowledge,
only one study exists, which suggested 10-weeks of LIPA
and MVPA were not sufficient to cause a change in
middle-older adults’ (51–71 years) PIIINP concentration
[58]. Our results suggest that those with a ‘low’ PIIINP
concentration engage in a longer duration of all time-
use compositions (excluding 10MVPA), most noticeably
sleep, compared to the study sample and vice versa for
the ‘high’ PIIINP group, when a median concentration
grouping threshold is applied. The current study, there-
fore suggests that future research should examine the
associations between sleep, sedentary behaviour, and
physical activity and PIIINP in older adults to confirm
or refute whether sleep, sedentary behaviour, and phys-
ical activity interventions can help reduce vascular stiff-
ness through PIIINP pathways.
Public health implications
The key findings of this study suggest that older adults
who have a healthy cholesterol and glucose profile en-
gage in more 10MVPA and less SB than the entire study
sample, respectively. This adds to the evidence base
which supports the inclusion of the 10-min threshold
within the UK moderate intensity PA guideline. How-
ever, given such a low percentage of older adults achieve
the moderate intensity PA guidelines (when measured
with accelerometery) [59], our secondary finding offers
hope that older adults could be able to improve health
status by reducing SB, possibly a more palatable option
for the population and recommended in the 2019 Chief
Medical Officers’ UK Physical Activity Guidelines [60].
Recently, physical activity guidelines for Canada and
Australia have moved to considering 24-h time-use com-
position for children and young people. As CoDA research
continues to grow within adult-older adult populations, it
appears likely that there will also be a shift to 24-h guide-
line, which will provide end-users with a variety of options
to improve their health-status and thus partially remove the
more common one-size fits all approach physical activity
guidance.
There appeared to be a pattern across ECMDR vari-
ables where a sub-group who engaged in more 10MVPA
also engaged in less sMVPA and vice versa. It seems un-
likely that this apparent pattern between sMVPA and
10MVPA is due to co-dependence as the variation matrix
suggested a low co-dependence. Furthermore, without,
any direct insight through an experimental manipulation
of the two time-use components, it is difficult to put for-
ward a definitive argument to explain why sMVPA and
10MVPA appear to have opposing relationships with
cardiometabolic health markers. We can only speculate
that some markers are upregulated by the HIIT (high
intensity interval training) type stimulus (sMVPA) and
downregulated by the more continuous type of stimulus
(10MVPA), whilst other markers show the opposite sen-
sitivity. In our data pooling, we categorised activities by
threshold so it may be that the absolute amount of en-
ergy utilisation may have been higher within the MVPA
spectrum in the sMVPA bouts, and lower within this
MVPA spectrum in the 10MVPA bouts. In this event,
the fuel utilisation (hence endocrine) profiles of sMVPA
and 10MVPA would differ significantly [61].
Study Strengths & Limitations
The strengths of the study include: the use of an ‘object-
ive’, posture recognising accelerometer that utilised older
adult-relevant sleep, sedentary behaviour, and physical
activity intensity cut-off points from SB through to
MVPA. In fact, these cut-off points were developed
using a sub-sample of the current study’s participants.
Another strength is the use of CoDA, which took into
account the co-dependence of sleep, sedentary behav-
iour, and physical activity; and a third strength, the ap-
plication of time-use composition within older adult
populations, which has seldom been carried out.
Nonetheless, the main limiting factor of the current
study is the sample size, which constrained the analyses
to descriptive group comparisons rather than the more
statistically powered compositional regression analysis.
Although, the current study provided descriptive com-
parisons of the time-use composition of ‘healthy’ and
‘unhealthy’ sub-groups, the findings are limited to our
sample of participants. Future research is needed with
larger sample sizes, statistical difference testing, and
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longitudinal data from older adults to provide a compre-
hensive evidence base for generalisation at a population
level. Whilst our study sample was too small to do this,
and previous studies similar to ours did not attempt this
either [12, 13], we would recommend that future studies
using larger sample size should statistically determine
the significance of differences between sleep, sedentary
behaviour, and physical activity of the healthy compared
to unhealthy groups. It is possible that the differences
look large but are actually not statistically significant.
Such an approach would ideally utilise a modification of
the bootstrapping method as used in previous work [14].
Conclusion
CoDA revealed that all time-use components play a role
in the maintenance of cardio-metabolic profile. For a
‘healthy’ lipid profile, our results suggested that older
adults should attain a ‘physically active’ status, as
10MVPA engagement was greater in the ‘high’ LPL con-
centration group and subsequently greater in the ‘low’
triglyceride concentration group. For glucose homeosta-
sis, the current study recommended that older adults
should reduce their engagement in SB by engaging in
PA. In addition, it was suggested that being ‘physically
active’ may contribute to chronic glucose homeostasis,
as shown by the HbA1c results. Finally, a 4.8% (approxi-
mately 25 mins·day− 1, based on the geometric mean of
sleep for our study sample) increase in the amount of
sleep engagement may be essential for older adults to re-
duce inflammation, especially in episodes of pain, which
has been associated with increasing IL-6 concentration.
Overall, the current study recommends that older
adults should aim to be ‘physically active’ by engaging in
prolonged bouts of MVPA. However, in the remaining
hours of the day, they should aim to reduce SB (in spite
of the apparent benefit for IL-6), where possible (to min-
imise pain), by engaging in low intensity PA (standing
and LIPA), as these behaviours are highly co-dependent.
Supplementary information
Supplementary information accompanies this paper at https://doi.org/10.
1186/s11556-019-0231-4.
Additional file 1. Sleep, Sedentary Behaviour, and Physical Activity Co-
dependence.
Abbreviations
10MVPA: 10-min Moderate – Vigorous Physical Activity; CAS: Cheshire
Algorithm for Sedentarism; CoDA: Compositional Data Analysis;
CVD: Cardiovascular Disease; ECMDR: Endocrine Cardio-Metabolic Disease-
Risk; HbA1c: Glycated Haemoglobin; HDL-C: High Density Lipoprotein; IL-
6: Interleukin 6; LDL-C: Low Density Lipoprotein; LIPA: Light Intensity Physical
Activity; LPL: Lipoprotein Lipase; PA: Physical Activity; PIIINP: Procollagen III N-
terminal Propeptide; SB: Sedentary Behaviour; sMVPA: Sporadic Moderate –
Vigorous Physical Activity
Acknowledgements
The authors would like to thank the participants for volunteering their time
to complete this project as well as the community groups who allowed the
authors to recruit from their members.
Authors’ contributions
DR conceptualised study design, conducted data collection, analysis, and
manuscript drafting. JW conceptualised study design, conducted data
collection, analysis. GS conceptualised study design and manuscript drafting,
CM conceptualised study design and manuscript drafting, CS conceptualised
study design and manuscript drafting, GOP secured funding, conceptualised
research question and study design, analysis, and manuscript drafting. All
authors read and approved the final manuscript.
Authors’ information
Not applicable
Funding
Funding sources included Manchester Metropolitan University and the
European Commission through MOVE-AGE, an Erasmus Mundus Joint
Doctorate programme (2011–2015). The funder had no role in study design,
data collection and analysis, decision to publish, or preparation of the
manuscript.
Availability of data and materials
Upon acceptance of this manuscript, datasets generated and/or analysed
during the current study will be available from the Manchester Metropolitan
University Repository. Confirmation of web link will be provided at
manuscript acceptance.
Ethics approval and consent to participate
The University Exercise and Sports Science Ethics Sub-Committee granted
ethical approval and written informed consent was provided by participants
prior to data collection.
Consent for publication
Not applicable
Competing interests
The authors declare that they have no competing interests.
Author details
1Musculoskeletal Sciences and Sport Medicine (MSSM) Research Centre,
Department of Exercise and Sport Science, Manchester Metropolitan
University, Manchester M15 6BH, UK. 2Science, University of Northampton,
Northampton, Northamptonshire NN1 5PH, UK. 3Musculoskeletal
Rehabilitation Research Group, Department of Rehabilitation Sciences, KU
Leuven, 3000 Leuven, Flanders, Belgium. 4Research Institute for Sport and
Exercise Sciences, Liverpool John Moores University, Liverpool, Merseyside L3
3AF, UK.
Received: 18 March 2019 Accepted: 15 November 2019
References
1. Suggested citation by author: Townsend N, Bhatnagar P, Wilkins E,
Wickramasinghe K, Rayner M. Cardiovascular disease statistics. London:
British Heart Foundation; 2015.
2. Chaplin S. Health survey for England 2013: the use of prescribed medicines.
Prescriber. 2015;26(4):16–9.
3. Gennuso KP, Gangnon RE, Matthews CE, Thraen-Borowski KM, Colbert LH.
Sedentary behavior, physical activity, and markers of health in older adults.
Med Sci Sports Exerc. 2013;45(8):1493–500.
4. Rosique-Esteban N, Díaz-López A, Martínez-González MA, Corella D, Goday
A, Martínez JA, et al. Leisure-time physical activity, sedentary behaviors,
sleep, and cardiometabolic risk factors at baseline in the PREDIMED-PLUS
intervention trial: a cross-sectional analysis. PLoS One. 2017;12(3):e0172253.
5. Henson J, Yates T, Biddle SJ, Edwardson CL, Khunti K, Wilmot EG,
et al. Associations of objectively measured sedentary behaviour and
physical activity with markers of cardiometabolic health. Diabetologia.
2013;56(5):1012–20.
Ryan et al. European Review of Aging and Physical Activity           (2019) 16:25 Page 10 of 12
6. Verissimo M, Aragao A, Sousa A, Barbosa B, Ribeiro H, Costa D, et al. Effect
of physical exercise on lipid metabolism in the elderly. Revista Portuguesa
de Cardiologia. 2002;21(10):1099–112.
7. Bey L, Hamilton MT. Suppression of skeletal muscle lipoprotein lipase
activity during physical inactivity: a molecular reason to maintain daily low-
intensity activity. J Physiol. 2003;551(2):673–82.
8. Healy GN, Wijndaele K, Dunstan DW, Shaw JE, Salmon J, Zimmet PZ, et al.
Objectively measured sedentary time, physical activity, and metabolic risk:
the Australian diabetes, obesity and lifestyle study (AusDiab). Diabetes Care.
2008;31(2):369–71.
9. Dunstan DW, Salmon J, Healy GN, Shaw JE, Jolley D, Zimmet PZ, et al. Association
of television viewing with fasting and 2-h postchallenge plasma glucose levels in
adults without diagnosed diabetes. Diabetes Care. 2007;30(3):516–22.
10. Gardiner PA, Healy GN, Eakin EG, Clark BK, Dunstan DW, Shaw JE, et al.
Associations between television viewing time and overall sitting time with
the metabolic syndrome in older men and women: the Australian diabetes
obesity and lifestyle study. J Am Geriatr Soc. 2011;59(5):788–96.
11. Pedišić Ž, Dumuid D, S Olds T. Integrating sleep, sedentary behaviour, and
physical activity research in the emerging field of time-use epidemiology:
definitions, concepts, statistical methods, theoretical framework, and future
directions. Kinesiol. 2017;49(2):252–69.
12. Chastin SF, Palarea-Albaladejo J, Dontje ML, Skelton DA. Combined effects
of time spent in physical activity, sedentary behaviors and sleep on obesity
and cardio-metabolic health markers: a novel compositional data analysis
approach. PLoS One. 2015;10(10):e0139984.
13. Carson V, Tremblay MS, Chaput J-P, Chastin SF. Associations between sleep
duration, sedentary time, physical activity, and health indicators among
Canadian children and youth using compositional analyses 1. Appl Physiol
Nutr Metab. 2016;41(6):S294–302.
14. Martín-Fernández J, Daunis i Estadella J, Mateu i Figueras G. On the
interpretation of differences between groups for compositional data. SORT.
2015;39(2):231–52.
15. Dumuid D, Stanford TE, Martin-Fernández J-A, Pedišić Ž, Maher CA, Lewis
LK, et al. Compositional data analysis for physical activity, sedentary time
and sleep research. Stat Methods Med Res. 2017;27(12):3726-3738.
16. Foley L, Dumuid D, Atkin AJ, Olds T, Ogilvie D. Patterns of health behaviour
associated with active travel: a compositional data analysis. Int J Behav Nutr
Phys Act. 2018;15(1):26.
17. Gupta N, Mathiassen SE, Mateu-Figueras G, Heiden M, Hallman DM,
Jørgensen MB, et al. A comparison of standard and compositional data
analysis in studies addressing group differences in sedentary behavior and
physical activity. Int J Behav Nutr Phys Act. 2018;15(1):53.
18. Pelclová J, Štefelová N, Hodonská J, Dygrýn J, Gába A, Zając-Gawlak I.
Reallocating time from sedentary behavior to light and moderate-to-
vigorous physical activity: what has a stronger association with adiposity in
older adult women? Int J Environ Res Public Health. 2018;15(7):1444.
19. Dumuid D, Lewis L, Olds T, Maher C, Bondarenko C, Norton L. Relationships
between older adults’ use of time and cardio-respiratory fitness, obesity and
cardio-metabolic risk: a compositional isotemporal substitution analysis.
Maturitas. 2018;110:104–10.
20. Ryan DJ, Wullems JA, Stebbings GK, Morse CI, Stewart CE, Onambele-
Pearson GL. Segregating the distinct effects of sedentary behaviour and
physical activity on older adults’ cardiovascular structure and function: part
1- linear regression analysis approach. J Phys Act Health. 2018;17(7):499–509.
21. Ryan DJ, Wullems JA, Stebbings GK, Morse CI, Stewart CE, Onambele-
Pearson GL. Segregating the distinct effects of sedentary behaviour and
physical activity on older adults’ cardiovascular structure and function: Part
2- Isotemporal substitution analysis. J Physical Act Health. 2018;15(7):537–42.
22. Wullems JA, Verschueren SM, Degens H, Morse CI, Onambélé GL.
Performance of thigh-mounted triaxial accelerometer algorithms in
objective quantification of sedentary behaviour and physical activity in
older adults. PLoS One. 2017;12(11):e0188215.
23. Rowlands AV, Olds TS, Hillsdon M, Pulsford R, Hurst TL, Eston RG, et al.
Assessing sedentary behavior with the GENEActiv: introducing the
sedentary sphere. Med Sci Sports Exerc. 2014;46(6):1235–47.
24. National Health Service. Physical activity guidelines for adults. 2013 [cited
2014 16th October 2014]. Available from: http://www.nhs.uk/Livewell/
fitness/Pages/physical-activity-guidelines-for-adults.aspx.
25. Coqueiro RS, Santos MC, Neto JSL, Queiroz BM, NAJ B, Barbosa AR. Validity
of a portable glucose, total cholesterol, and triglycerides multi-analyzer in
adults. Biological research for nursing. 2014;16(3):288–94.
26. Phillips CG, Nwagbo Y, Ashton K. Analytical evaluation of POCT HbA1c
instruments - The 3rd EFLM-UEMS Congress. Clin Chem Lab Med. 2014;
52(11):eA205–aE379.
27. World Health Organization. Global reference list of 100 core health
indicators. 2015.
28. Rip J, Nierman MC, Wareham NJ, Luben R, Bingham SA, Day NE, et al.
Serum lipoprotein lipase concentration and risk for future coronary artery
disease. Arterioscler Thromb Vasc Biol. 2006;26(3):637–42.
29. Cesari M, Penninx BW, Newman AB, Kritchevsky SB, Nicklas BJ, Sutton-Tyrrell
K, et al. Inflammatory markers and onset of cardiovascular events.
Circulation. 2003;108(19):2317–22.
30. Agarwal I, Glazer NL, Barasch E, Biggs ML, Djousse L, Fitzpatrick AL, et al.
Fibrosis-related biomarkers and incident cardiovascular disease in older
adults: the cardiovascular health study. Circ Arrhythm Electrophysiol. 2014;
7(4):583–9 CIRCEP. 114.001610.
31. Furberg CD, Adams HP, Applegate WB, Byington RP, Espeland MA, Hartwell
T, et al. Effect of lovastatin on early carotid atherosclerosis and
cardiovascular events. Asymptomatic carotid artery progression study
(ACAPS) research group. Circulation. 1994;90(4):1679–87.
32. Bakris GL, Fonseca V, Katholi RE, McGill JB, Messerli FH, Phillips RA, et al.
Metabolic effects of carvedilol vs metoprolol in patients with type 2
diabetes mellitus and hypertension: a randomized controlled trial. Jama.
2004;292(18):2227–36.
33. McIntyre RS, Soczynska JK, Konarski JZ, Kennedy SH. The effect of
antidepressants on lipid homeostasis: a cardiac safety concern? Expert Opin
Drug Saf. 2006;5(4):523–37.
34. Tsuboi I, Tanaka H, Nakao M, Shichijo S, Itoh K. Nonsteroidal anti-
inflammatory drugs differentially regulate cytokine production in human
lymphocytes: up-regulation of TNF, IFN-γ and IL-2, in contrast to down-
regulation of IL-6 production. Cytokine. 1995;7(4):372–9.
35. Costa J, Judge M. Calculating geometric means. 2013. Para1: http://www.ehow.
com/how_8461631_geometric-mean-two-numbers.html (Accessed Feb 2017)
36. Sato K, Okajima F, Miyashita K, Imamura S, Kobayashi J, Stanhope KL, et al. The
majority of lipoprotein lipase in plasma is bound to remnant lipoproteins: a
new definition of remnant lipoproteins. Clin Chim Acta. 2016;461:114–25.
37. Merkel M, Heeren J, Dudeck W, Rinninger F, Radner H, Breslow JL, et al.
Inactive lipoprotein lipase (LPL) alone increases selective cholesterol ester
uptake in vivo, whereas in the presence of active LPL it also increases
triglyceride hydrolysis and whole particle lipoprotein uptake. J Biol Chem.
2002;277(9):7405–11.
38. Petibois C, Cassaigne A, Gin H, Gr D. Lipid profile disorders induced by
long-term cessation of physical activity in previously highly endurance-
trained subjects. The J Clin Endocrinol Metab. 2004;89(7):3377–84.
39. Engeroff T, Füzéki E, Vogt L, Banzer W. Breaking up sedentary time, physical
activity and lipoprotein metabolism. J Sci Med Sport. 2017;20(7):678.
40. Nikkila EA, Niemi T. Effect of age on the lipemia clearing activity of
serum after administration of heparin to human subjects. J Gerontol.
1957;12(1):44–7.
41. Stephens BR, Granados K, Zderic TW, Hamilton MT, Braun B. Effects of 1 day
of inactivity on insulin action in healthy men and women: interaction with
energy intake. Metabolism. 2011;60(7):941–9.
42. Dunstan DW, Kingwell BA, Larsen R, Healy GN, Cerin E, Hamilton MT, et al.
Breaking up prolonged sitting reduces postprandial glucose and insulin
responses. Diabetes Care. 2012;35(5):976–83.
43. Bailey DP, Locke CD. Breaking up prolonged sitting with light-intensity
walking improves postprandial glycemia, but breaking up sitting with
standing does not. J Sci Med Sport. 2014;18(3):294–8.
44. Stuart CA, Shangraw RE, Prince MJ, Peters EJ, Wolfe RR. Bed-rest-induced
insulin resistance occurs primarily in muscle. Metabolism. 1988;37(8):802–6.
45. Xu P-T, Song Z, Zhang W-C, Jiao B, Yu Z-B. Impaired translocation of GLUT4
results in insulin resistance of atrophic soleus muscle. Biomed Res Int. 2015;
2015:291987.
46. Latouche C, Jowett JB, Carey AL, Bertovic DA, Owen N, Dunstan DW, et al.
Effects of breaking up prolonged sitting on skeletal muscle gene
expression. J Appl Physiol. 2013;114(4):453–60.
47. Fletcher LM, Welsh GI, Oatey PB, Tavare JM. Role for the microtubule
cytoskeleton in GLUT4 vesicle trafficking and in the regulation of insulin-
stimulated glucose uptake. Biochem J. 2000;352(2):267–76.
48. Gabbay KH, Hasty K, Breslow JL, Ellison RC, BUNN HF, Gallop PM.
Glycosylated hemoglobins and long-term blood glucose control in diabetes
mellitus. J Clin Endocrinol Metab. 1977;44(5):859–64.
Ryan et al. European Review of Aging and Physical Activity           (2019) 16:25 Page 11 of 12
49. Stamatakis E, Davis M, Stathi A, Hamer M. Associations between multiple
indicators of objectively-measured and self-reported sedentary behaviour
and cardiometabolic risk in older adults. Prev Med. 2012;54(1):82–7.
50. Fujii N, Hayashi T, Hirshman MF, Smith JT, Habinowski SA, Kaijser L, et al.
Exercise induces isoform-specific increase in 5′ AMP-activated protein kinase
activity in human skeletal muscle. Biochem Biophys Res Commun. 2000;
273(3):1150–5.
51. Wei J, Xu H, Davies JL, Hemmings GP. Increase of plasma IL-6 concentration
with age in healthy subjects. Life Sci. 1992;51(25):1953–6.
52. Jenny NS, Tracy RP, Ogg MS, Kuller LH, Arnold AM, Sharrett AR, et al. In the
elderly, interleukin-6 plasma levels and the− 174G> C polymorphism are
associated with the development of cardiovascular disease. Arterioscler
Thromb Vasc Biol. 2002;22(12):2066–71.
53. Vgontzas AN, Zoumakis M, Bixler EO, Lin H-M, Prolo P, Vela-Bueno A, et al.
Impaired nighttime sleep in healthy old versus young adults is associated
with elevated plasma interleukin-6 and cortisol levels: physiologic and
therapeutic implications. J Clin Endocrinol Metab. 2003;88(5):2087–95.
54. Henson J, Yates T, Edwardson CL, Khunti K, Talbot D, Gray LJ, et al.
Sedentary time and markers of chronic low-grade inflammation in a high
risk population. PLoS One. 2013;8(10):e78350.
55. Steensberg A, Hall G, Osada T, Sacchetti M, Saltin B, Pedersen BK.
Production of interleukin-6 in contracting human skeletal muscles can
account for the exercise-induced increase in plasma interleukin-6. J Physiol.
2000;529(1):237–42.
56. Haack M, Sanchez E, Mullington JM. Elevated inflammatory markers in
response to prolonged sleep restriction are associated with increased pain
experience in healthy volunteers. Sleep. 2007;30(9):1145–52.
57. Chastin SF, Fitzpatrick N, Andrews M, DiCroce N. Determinants of sedentary
behavior, motivation, barriers and strategies to reduce sitting time in older
women: a qualitative investigation. Int J Environ Res Public Health. 2014;
11(1):773–91.
58. Cornelissen VA, Fagard RH, Lijnen PJ. Serum collagen-derived peptides are
unaffected by physical training in older sedentary subjects. J Sci Med Sport.
2010;13(4):424–8.
59. Craig R, Mindell J, Hirani V. Health survey for England 2008. Volume 1:
physical activity and fitness. Health Survey England. 2009;1:8–395.
60. Foster C. UK Chief Medical Officers’ Physical Activity Guidelines. In: Care
DoHaS, editor. Department of Health and Social Care; 2019. https://www.
gov.uk/government/publications/physical-activity-guidelines-uk-chief-
medical-officers-report.
61. van Loon LJ, Greenhaff PL, Constantin-Teodosiu D, Saris WH, Wagenmakers
AJ. The effects of increasing exercise intensity on muscle fuel utilisation in
humans. J Physiol. 2001;536(1):295–304.
Publisher’s Note
Springer Nature remains neutral with regard to jurisdictional claims in
published maps and institutional affiliations.
Ryan et al. European Review of Aging and Physical Activity           (2019) 16:25 Page 12 of 12
